Abstract There is an increasing interest regarding the use of electroencephalography (EEG) in social commerce and electronic commerce (e-commerce) research. There are several reviews in the field of social commerce or e-commerce; these have great potential value and mining them is fundamental and significant. To our knowledge, EEG is rarely applied to study these. In this study, we examined the neural correlates of social commerce reviews (SCRs) and e-commerce reviews (ECRs) by using them as stimuli to evoke event-related potentials. All SCRs were from friends through a social media platform, whereas ECRs were from strangers through an e-commerce platform. The experimental design was similar to that of a priming paradigm, and included 40 pairs of stimuli consisting of product information (prime stimulus) and reviews (target stimulus). The results showed that the P300 component was successfully evoked by SCR and ECR stimuli. Moreover, the P300 components elicited by SCRs had higher amplitudes than those elicited by ECRs. These findings indicate that participants paid more attention to SCRs than to ECRs. In addition, the associations between neural responses and reviews in social commerce have the potential to assist companies in studying consumer behaviors, thus permitting them to enhance their social commerce strategies.
Introduction
Following the rapid development of Web 2.0, online shopping has become an important part of modern life. When consumers shop on an online platform, often, behavioral science method is used to analyze consumer purchase intention. However, with the development in the field of cognitive neuroscience, an increasing number of researchers have started using cognitive neuroscience tools to solve behavioral science questions (Layne et al. 2007; Pakhomov and Sudin 2013) . For example, Kong et al. (2013) used cognitive neuroscience to study the influence of video commercials on consumers on the basis of impression index, and Farwell and Richardson (2013) used brain fingerprinting to detect concealed information stored in the brain by measuring brainwave responses. Therefore, it is possible to explore cognitive neuroscience tools to study consumer purchase intentions in online shopping. In this study, we mainly focus on exploring the different neural mechanisms between the social commerce reviews (SCRs) and electronic commerce reviews (ECRs).
Social commerce is a subset of electronic commerce (ecommerce) that uses social media to assist the online buying and selling of products or services . SCRs focus on sharing the information with friends on social networking sites. For example, the product reviews were communicated in the form of comments from friends on Facebook. This is very different from traditional ECRs, which are shared with unknown online shoppers . The product reviews on Amazon mostly come from strangers. Studies have shown that reviews from friends significantly affect human behavior (Park et al. 2007; Zhu et al. 2010; Lu et al. 2013) . They suggest that social relationship information, which is implied in reviews by friends and absent in e-commerce, is a key dimension in social commerce. As mentioned above, it is well known that SCRs or ECRs significantly influence consumers' purchasing intentions (Zheng et al. 2013 ). These studies are based on questionnaires or sharing information (such as electronic word of mouth), which are both forms of behavioral data. However, because of privacy and subjectivity, behavior analysis would not guarantee the quality of results. On the other hand, cognitive neuroscience theories and methods [e.g., eye movement (Seong and Lee 2013) , fMRI (Dimoka et al. 2011; Dimoka et al. 2012) ] can verify the results based on the behavioral data or help get a more in-depth understanding about the consumer's online purchasing intention. In addition, new problems in e-commerce could also be explored and solved by using neuroscience tools. By using EEG activity, Kuan et al. (2014) argued that ''buy'' information is associated with EEG activity that is generally linked to negative emotions and ''like'' information is associated with EEG activity that is generally linked to positive emotions to induce purchasing in group buying sites. By using functional magnetic resonance imaging tools, Riedl et al. found that most of the brain areas that encode trustworthiness differ between women and men. They captured the brain activity of 10 female and 10 male participants simultaneously to decisions on trustworthiness of eBay offers and found that more brain areas were activated in women than in men (Riedl et al. 2010) . This motivated us to study the brain responses elicited by SCR and ECR stimuli.
This report describes an exploration experiment and focuses on analyzing the ERP component changes in the environment ECRs and SCRs. We aimed to collect evidence to support the findings of prior behavior research that participants pay more attention to SCRs that include reviews from friends than to ECRs that include reviews from strangers. In other words, we aimed to show that ERP signals of SCRs from friends and of ECRs from strangers are significantly different. This data can be used to guide the Website or platform designers to improve their platform functions such as encouraging consumers to share their shopping experience in form of reviews to improve the consumer's perception of products.
Methods Participants
Nineteen right-handed undergraduates at Beihang University (7 women, age range 21-35 years, mean 25.5 years) volunteered and were paid (50 RMB, about $8) to participate in this study. They were all native Chinese speakers who reported that they had normal or corrected-to-normal vision with no history of neurological or psychiatric diseases. They were unaware of the purpose of this experiment. A written informed consent was obtained from each participant before participation. The evaluation procedures in the study were carried out with the ethical approval of the institutional review board (Beihang University, Beijing, China) and in compliance with the Helsinki Declaration. For the participant data, if a single sample's available trial number, which could be automatically detected by Net Station Software (Version 4.3.1, EGI, USA) tools, were less than 50 % of the total trials, it would be marked as an unavailable sample and removed. Among the 19 subjects, trial numbers of two men and one woman were automatically detected below 50 %, hence, the three participants were removed from the analyses, and the data of the remaining 16 participants were used for final analyses.
Stimuli
A priming experimental paradigm with a prime stimulus (S1) and a target stimulus (S2) was used in this experiment (Naccache et al. 2002) . Each stimulus was a picture digitized at 620 9 600 pixels. For S1, each picture included product information. For S2, each picture consisted of the name of an individual and that individual's reviews for the product shown in S1.
For S1, information about 20 tablet computers was chosen from the Chinese ''best-selling list'' of ZOL.com (the largest digital product e-store in China). For each product, two pictures and six parameters including screen size, central processing unit, wireless type, hard drive, memory, operating system, and weight were selected. It should be noted that these parameters were regarded as being culturally familiar to the participants, as all six parameters 1 are very often carefully considered when consumers intend to buy tablet computers. In this experiment, every parameter was described using less than 8 Chinese characters. A picture of the product and the six parameters were used as S1. An example stimulus is shown in Fig. 1a .
Each S2 consisted of two items: personal information and reviews from two different individuals, as shown in Fig. 1b . The personal information included the individual's name and head portrait obtained from Renren.com (Chinese Facebook). The reviews of the product were obtained from ZOL.com. From the review information, the experiment could not ensure that all volunteers knew the users who provided the reviews of the product. Therefore, it should be noted that the personal information and reviews were artificially combined with the photographs as S2. The volunteers were students in the School of Economics and Management, Beihang University. Therefore, before the experiment, the information (Name, Student ID, Class, etc.) of all the volunteers could be identified. In the run-up to the experiment, the head portraits and names of reviewers in SCRs were replaced with those of the volunteers' classmates by image-processing tools (Photoshop V7.0) and all of the head portraits and names of reviewers in ECRs were replaced with those of strangers. In addition, the reviews were all from random individuals and were paired with photos/names of friends. The personal information was divided into two categories: 20 individuals, who were all Renren group members, were classmates of the participants in the experiment, and the other 20 individuals were strangers to the participants. During the experiment, the participant knew whether the reviews came from friends or strangers by looking at the name and photograph of the person who provided the reviews.
The stimuli consisted of 40 pairs of product information (S1) and reviews (S2). These pairs were divided into two groups: (1) 20 pairs of product information and reviews from classmates (regarded as SCRs); (2) 20 pairs of product information and reviews from strangers (regarded as ECRs). In other words, to reveal the differential brain responses between SCRs and ECRs, the reviews for both groups were similar, but the individuals providing the reviews were either friends of the participants (SCRs) or strangers to the participants (ECRs).
Experimental paradigm
The experimental paradigm is depicted in Fig. 2 . Each trial began by presenting a fixation point (?) for 1500 ms. After a 500-ms black screen, S1 was shown for 1500 ms. Then, after another 500-ms black screen, S2 was shown for 4000 ms. Finally, the participants decided whether to buy the product or not; they pressed the ''f'' button on a keyboard to buy and the ''j'' button to not buy. The stimulus pairs (S1-S2) were randomly presented on a 20 00 computer monitor screen located 1 m in front of the subjects (visual angle of 10°). During the experiment, the participants sat in a comfortable chair in a shielded room and were instructed to attend to the stimuli, while avoiding eye blinks or moving their eyes and heads. Stimulus presentation and behavioral response collection were controlled by E-prime 2.0 software (Psychology Software Tools Inc., PA).
Electroencephalogram (EEG) recordings and ERP data processing
EEGs were continuously recorded (band-pass filter, 0.1-100 Hz) with a 64-channel HydroCel Geodesic Sensor Net, Net Amps 300 amplifier (Electrical Geodesics Inc., Eugene, OR), which was mounted on the scalp according to the International 10-20 system (Towle et al. 1993) . Electrode impedances were maintained below 50 kX throughout the experiment. EEGs were stored on a computer disk at the sample rate of 500 Hz, using the vertex sensor (Cz) as the reference electrode. Off-line data processing for extracting event-related potentials (ERPs) was performed by Net Station Software, MATLAB (Version 7.0, MathWorks, USA) and EEGLAB. The continuous EEG was re-referenced to an average reference, digitally filtered with a high-pass 1-Hz filter and a low-pass 30-Hz filter (24 dB/Octave) (Luck 2005) . After filtering, the data were segmented by the stimulus sequence into 800-ms stimulus-locked epochs from -200 ms (before S2 onset) to 600 ms (after S2 onset). The mean of the prestimulus period formed the baseline, which was subsequently removed. Single trials that included significant vertical and horizontal eye movements and eye blinks were rejected. In this study, we have used two steps to process the electrooculographs (EOGs). Firstly, we use Net Station Software tools to eliminate EOGs. The tools automatically detect vertical eye movements (eye blinks; ±140 lV) and horizontal eye movements (±55 lV), then mark them as EOGs and reject them. Secondly, after importing the filtered and segmented data into EEGLAB under MATLAB, we detected all the trials artificially, and rejected the trials, which included obvious eye-movement and eye-blink. Additionally, if a recording segment contained more than 10 bad channels, it was rejected. Individual bad channels were replaced using spherical interpolation based on all the remaining sensors for the given trial. After artifact correction and rejection, 88.33 % of the 640 trials were retained for further analyses.
The trial numbers (ECRs vs. SCRs) of the sixteen participants are shown in Table 1 .
From Table 1 , we know that the total data segments of ECRs are 285 (M = 17.81, r = 1.05), and the total data segments of SCRs are 280 (M = 17.50, r = 1.32). We performed a paired t test between trial numbers of ECR and SCR to show that the data segments between ECRs and SCRs were not significant (t[15] = 0.960, P [ 0.05). This results show that the trial numbers were similar between the two conditions (ECRs vs. SCRs), and therefore, trial number was not a factor that biased the ERP results.
Subsequently, the remaining trials for each participant and each stimulus condition were averaged to produce the ERP waveforms. However, since the number of trials for averaging was limited due to the experimental design, we further filtered the averaged EEGs by an appropriate wavelet filter. Indeed, wavelet filters have been widely applied to reduce noise in ERP data (Cong et al. 2012; Quiroga and Garcia 2003) . In this study, we used a reverse biorthogonal wavelet with the order of 6.8. This wavelet has been successfully applied to filter ERPs (Astikainen et al. 2013; Cong et al. 2011 ). For our ERP data, the number of levels for wavelet decomposition in the wavelet filter was 9, and the coefficients of levels 5, 6, 7, and 8 were used for wavelet reconstruction in the wavelet filter. The frequency responses of the wavelet filter are shown in Fig. 3 . The method used to compute the frequency response of the wavelet filter is in terms of the Fourier transform of the impulse response of the wavelet filter . When the input of the wavelet filter is the unit impulse, the output of the wavelet filter is the impulse response of the wavelet filter. Previous publications provide the rational of such a wavelet filter (Cong et al. 2012; Astikainen et al. 2013; Cong et al. 2011) .
ERP data analysis
Since the stimulus consisted of a picture that included words and photographs in this study, it was considered a Therefore, we decided to analyze ERPs at nine electrode sites: P1, Pz, P2, PO3, POz, PO4, O1, Oz, and O2. We found a positive evident peak after 300 ms (shown in Fig. 4) . Consequently, the mean amplitude over 350-420 ms was calculated as the mean amplitude of the ERP. This time window was determined in terms of the grand average of the ERP waveforms (see Fig. 4 ). The ERP without this noise-reduction procedure (the wavelet filter) are shown in Fig. 5 . For statistical analysis, the mean amplitudes were measured at P1, Pz, P2, PO3, POz, PO4, O1, Oz, and O2 for each participant and each condition. Subsequently, twoway analyses of variance (ANOVA; within-subjects, repeated measures) were performed to examine the interaction between two factors, which were the location of the electrode and experimental condition. For the location, there were three levels: Pz, POz, and Oz; for the experimental condition, there were two levels: ECRs and SCRs.
In order to further investigate the differences among/between levels of one factor, t tests were applied. Figure 4 shows the grand-average ERP waveforms at three central electrode points: Pz, POz, and Oz. The locations where the ERP components were elicited by visual stimuli were clearly identified in this study. Figure 6 shows the topography of the ERPs for each condition. The topography was based on the average across multiple time points (*350-420 ms). According to the recommendation from the ERP textbook by Luck (Luck 2005) , this method is relatively robust. Based on the properties of the P300 component in the time and space domains (Luck 2005 ; Salvaris and Sepulveda 2010), we can discern that the P300 was successfully elicited in our experiment. Figure 6 shows the brain topography, which was based on the average across multiple time points (*350-420 ms), including that of the posterior-parietal and occipital channels. These brain regions are important to be included in the EEG for determining the product information-related cognitive processing in marketing research (Wang and Han 2014; Ma et al. 2008) . Therefore, in Fig. 5 , we show the grand-averaged ERP waveforms in the posterior-parietal (P1, Pz, P2, PO3, POz, PO4) and occipital (O1, Oz, O2) channels. We then compared the mean P300 amplitudes (350-420 ms) in the two conditions with a 2 (ECRs and SCRs) 9 3 (three scalp channels: Pz, Poz, and Oz) within participants. In the time between 350 and 420 ms, the results showed that the P300 amplitudes in response to SCRs (Pz = 4.87 ± 0.86 lV; Poz = 5.86 ± 1.14 lV; Oz = 5.71 ± 0.80 lV) were larger than those in response to ECRs (Pz = 2.34 ± 1.39 lV; Poz = 2.19 ± 1.42 lV; Oz = 1.80 ± 1.45 lV);
Results ERPs
The main effect of the experimental condition was significant (F(1,15) = 87.74; P \ 0.001; g p 2 = 0.854) along with a significant main effect of the electrode location (F(2,14) = 7.60; P \ 0.05; g p 2 = 0.521). The interaction effects between the location and condition were significant (F(2,14) = 17.64; P \ 0.001; g p 2 = 0.716). In addition, the simple effect analysis indicated that the effect of ECRs on the electrode location did not reveal a significant difference in these pairs of channels: Pz vs. Poz ECRs  17  20  17  17  18  17  19  16  17  17  18  18  19  18  18  19   SCRs  16  19  17  16  17  18  17  18  16  18  20  17  18  16  17 On the other hand, significant differences in the other pairs of channels were as follows: Pz vs. Poz (P \ 0.001), Pz vs. Oz (P \ 0.05). The electrode location effect on the experimental condition revealed a significant difference (P \ 0.001).
In the same way, on analyzing the latent period, the results showed that the latent period of SCRs condition (Pz = 351.13 ± 18.59 ms; Poz = 338.25 ± 21.18 ms; Oz = 333.87 ± 22.77 ms) were later than those in ECRs condition (Pz = 375.50 ± 21.67 ms; Poz = 365.88 ± 14.60 ms; Oz = 356.75 ± 14.731 ms). The main effect of the experimental condition was significant (F(1,15) = 23.41; P \ 0.001; g p 2 = 0.609) with a significant main effect of electrode location (F(2,14) = 10.84; P \ 0.05; g p 2 = 0.608), but the interaction effects between the location and condition were not significant (F(2,14) = 0.165; P [ 0.05; g p 2 = 0.023). Table 1 describes the behavioral findings from the 16 participants' data. The relationship between the ERPs and consumer behavior is particularly noteworthy. In the present study, the P300 components elicited in the SCR condition had larger amplitudes compared to those elicited in the ECR condition. Interestingly, we found a similar relationship for the behavioral data of SCRs and ECRs. More than 68 % of participants decided to purchase the tablet computer (selected ''buy this product'' during the experiment) when they viewed the SCR stimuli. For the ECR condition, only 31 % of participants chose to buy the product. Grand-average event-related potential waveforms at P1, Pz, P2; Po3, POz, PO4; O1, Oz, O2. The yellow bar indicated the duration used to quantify the ERP (from 350 to 420 ms). ECRs electronic commerce reviews, SCRs social commerce reviews
ERPs and consumer behavior

ECRS SCRs
Discussion Experimental design
This experimental paradigm is different from the conventional paradigms used to elicit ERPs in the field of cognitive neuroscience (Luck 2005) , for example, the GoNoGo and cue-target paradigms. Furthermore, unlike many conventional visual ERP studies that use either words or picture stimuli, the visual stimuli used in this study included both words and pictures. Despite differences between our experimental paradigm and conventional paradigms, it ECRS SCRs is still important to examine ERPs in response to reading SCRs and ECRs. However, the complex information of the stimuli pictures also can cause more EOG contamination, which should be considered while designing the experiment. Our experimental procedure, which involved participants reading and analyzing the reviews and deciding whether to buy the product or not, was repeated many times, and was congruent with an event-related design in cognitive neuroscience. In this paper, ''congruent'' and ''incongruent'' mean the familiar and unfamiliar degree of information presented (S1 and S2) to the participants. Because all participants were invited to the experiment for the first time, information about tablet computer (S1) shown in experiment was unfamiliar to them. Moreover, when showing the reviews, the head portrait and name of the reviewer included in ECRs were unfamiliar to subjects too. Both the ECR information and tablet computer information are unfamiliar information to the participants, and hence regarded as congruent information. However, reviewer's head portrait and name incorporated in SCRs were familiar to the participants, and considered incongruent with the tablet computer information.
In this experiment, the EOG issue is worthy discussing, and should be noted by future researchers. In our experimental design, the stimulus size (S2) was at 10°visual angle and each stimulus was a picture digitized at 620 9 600 pixels. Both visual angle and stimulus size are so large that it could cause EOG contamination. In S1, the stimulus pictures contained the picture and six attributes of the product, while in S2, the target stimulus pictures contained head portrait, name, and comment information, which evoked participants' horizontal and vertical eye movements when the participants viewed the stimulus information in the experiment. In addition, in the process of designing this experiment, the long presentation time of the target stimulus, 4000 ms, would cause eyestrain easily, increasing the frequency of blinking in participants and produces some EOG contamination.
Therefore, in the process of designing such consumer purchase decision experiments, especially with the stimulus information from the internet, the designer should avoid such problems using these two aspects: (1) Design appropriate visual angle and stimulus size before the experiment. (2) In the experimental design, referencing and using the method of Kutas and Hillyard (1980) , which is a typical presentation of complex stimuli and adopts a serial presentation of smaller stimuli to relieve the concern of EOG, can simultaneously achieve ERP data integrity and stimulus reality.
During the experimental design, the stimulus presentations were randomly displayed. The participants could press the ''f'' button on a keyboard to buy and the ''j'' button to not buy at the end of each trial. However, we did not counterbalance the hand, which may cause the participants to mechanically press the keyboard without thinking about the review information. We will improve this design in the future studies.
Experimental results
The present study replicates and extends prior ERP research work (Gray et al. 2004; Meuwese et al. 2013; Lakey et al. 2011) on image processing by characterizing the brain responses to reviews from unknown or known individuals. Moreover, the current results suggest that the brain responses when processing SCRs and ECRs are significantly different. SCRs elicited a more pronounced P300. Overall, the current results show that the personal information within a stimulus (SCR vs. ECR) will evoke attentional and cognitive processes in the brain, which all lead to consumer purchasing behavior (Dimoka 2010) . Indeed, the ERP component is sufficient to warrant its continued use in the study of consumer purchasing intentions and business decisions in the social commerce environment.
In our study, we identified the P300, which was evoked by the SCR and ECR conditions, in terms of its latency and topography (see Figs. 4, 6) . In this study, the stimuli included SCRs, ECRs, and information about the tablet computers. SCRs were from friends, ECRs were from strangers, and the information about the tablet computers was provided by the manufacturer. The experimental results showed that the latent period of the SCR condition was greater than that in the ECR condition, and the amplitude of the SCR condition was larger than that of the ECR condition. Possible reasons are as follows: firstly, when the participants view the unknown persons' head portrait and name, they would stay more alert and rapidly process and deal with those unknown information. Participants' reaction to unfamiliar face is faster than their reaction to familiar face (Ge et al. 2009; Levin 1996) . This may lead to the latent period of the ECR condition earlier than the SCR condition. Secondly, when the SCR stimuli (S2) are displayed,participants can identify the product reviewer through friends' name and head portrait, and thus, may pay more attention and trust to friends' reviews than strangers. This may have resulted in the larger P300 amplitudes evoked by the SCRs (Polich 2007) .
In addition to the review information, it will evoke attentional processing and more cognitive capability to accept/learn that information. Specifically, there is an intrinsic reflection of emotional processing when viewing the information of friends. In research using random product reviews information presentation, the lager P300 component evoked by the SCR stimuli compared with the ECR stimuli appear to be an intrinsic reflection of emotional processing. The head portraits and names of friends, which come from review pictures, are all associated with affective information. In addition, when the participants see the information in the reviews from friends, the emotional images is aroused automatically to elicit similar motivational activation, which can elicit a lower-level perceptual processing in brain regions. The brain processes those activations to regulate emotion and guide behaviors. The current study implies that the subjects have emotional changes depending on the information in the sequential stimuli from friends in the social commerce environment. Specifically, the head portrait and name information of friends can attract the attention of consumers better than stranger information, which influences consumers' purchase intentions and decisions.
Practical implications and future research
SCRs could cause much bigger P300 component than ECRs, which implies that the information of friends in SCRs could attract more attention and affect consumers purchase intention. Therefore, these discoveries could help organizations or web/system designers to design characteristic or socialized e-commerce platform.
First, from the results we can conclude that compared with ECRs, SCR information can attract more consumers' attention. Therefore, organizations or web/system designers should increase the social function of e-commerce platforms. For example, the platform may add a function for sharing consumer review information on social websites (Facebook, etc.), or add a function for increasing discussion among consumers. By adding social sharing reviews and discussion function, when consumers are shopping online and finding the information shared by their friends, their product cognition and purchase intention will be improved and enhanced.
Second, users should be encouraged to use real head portraits when sharing shopping experience and review information to attract other friends. In our experiment, SCRs are designed to include friends' head portraits and names, and the results also show that the reviews including some real information about the reviewers can attract more subjects' attention, resulting in more trust in users. One major difference between ECRs (reviews in Amazon) and SCRs is that there is some real information in SCRs, such as real head portraits and names, and by supplementing these information, consumers will trust the e-commerce platform more, leading to more purchase intention.
Third, in the experiment, when subjects see their friends' head portraits and names and pay more attention to these, it can form a consumers' friendship network. The platform may build a consumers friendship network by data mining technology, and when a user logs in an e-commerce platform, it could recommend review information of friends from their browsing history, in order to increase consumers' perception on the product. Now, most e-commerce platforms recommend products to users by referring to their browsing history. If a user wants to purchase a product, and related product information from his/ her friend can be delivered to him/her via the platform, this information will be valuable and have an influence on the user's purchase intention and decision. Unfortunately, this kind of user relationship network on e-commerce platform is not available, however, it is feasible to transfer the relationship network on social network such as Facebook to e-commerce platform to promote product recommendation and marketing, which will also be helpful for the sales of the product.
In future studies, it would be interesting to investigate the brain responses to positive/negative comments from unknown/known persons. In our study, only the relationship between consumers and reviews from known and unknown persons was considered, showing that SCRs can attract more user attention than ECRs. However, in the current e-commerce platforms, most reviews are from unknown persons. Therefore, in further studies, the theory and method of neurocognitive science should be first used to research the effect of positive/negative comments on users, aiming to discover the brain cognitive processes behind positive/negative comments. This would help to explain the conformity and counter-conformity psychology of consumers and probably find some influential support (for example, negative comments have a larger behavioral (and neurological) response on a product than a positive comment). Second, we can conduct experiments to investigate the influence of positive/negative comments from known and unknown persons on consumers. Specifically, by combinatory analysis of the role of positive/negative comments from a known or an unknown person on a user's decision to buy or not, may help to discover more differences between SCRs and ECRs. We hope to explain certain phenomena in e-commerce from the perspective of neurocognitive science by a series of investigations.
Another important topic for future research is the ability to predict consumer behavior based on brain responses. Additionally, it will be useful to include both eye-tracking and EEGs for this purpose, for example, using eye-tracking equipment to analyze the attention difference between man and woman in the purchasing process using heat map and visual trace, and applying EEGs to distinguish product cognition between man and woman. Furthermore, the combination of eye-tracking and EEGs to analyze the user's purchasing behavior is likely to yield better results.
Conclusions
In this study, we focused on analyzing ERPs elicited by the product reviews of unknown and known individuals and their association to consumer behavior. The ERPs (e.g., P300) revealed that participants allocated more attention to the SCR stimuli than to the ECR stimuli. Furthermore, this attention effect in participants influenced their purchasing intentions.
